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Abstract. The rising deployment of autonomous multi-agent systems,
where agentic AI components are increasingly integrated in traditional
processes, requires analytical tools for understanding the contribution
of individual agents to given organisational structures. In this study,
we explore several measures of relative power of an agent within work-
flows modelled as Petri nets. We propose a formalisation for multi-agent
computation based on process models: we provide a definition of atomic
power, based on which we progressively build towards topological and
game theoretic measures. We apply the proposed measures on several
illustrative cases and observe how they behave with regards to capturing
the different dimensions of power, also discussing their computational
tractability.
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1 Introduction

How much power does a specific agent hold within a particular social config-
uration? This question, traditionally addressed by disciplines such as political
science, sociology, law, economics, and game theory, is gaining importance within
the computational realm too. For a responsible deployment of artificial multi-
agent systems, it is essential—particularly for auditability and control [13]—to
have methods to map the possibilities and responsibilities of agents resulting
from a given agentic design. As agentic components are progressively integrated
in traditional processes (possibly entirely substituting humans in some tasks),
we urge developing analytical tools to assess their organisational role.

In the discourse surrounding the definition of power in normative settings,
there is a crucial distinction between the institutional powers that constitute
the social/normative framework in which agents interact (see e.g., [8]), and the
practical or operational powers, representing their physical abilities within an
environment, possibly enabled by the former by means of accepted social com-
mitments. In this study, for simplicity, we focus on operational powers, though in
the discussion section we will provide directions on how institutional dimensions
may be incorporated in subsequent studies.
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The organisational control structure, i.e., the distribution of behavioural re-
sponsibilities and expectations amongst the agents participating to the organi-
sation, reflects in the behaviour that agents perform and that ultimately can be
observed. Vice-versa, by looking at the organisation’s operational footprint (i.e.,
its processes, as described by process models), we can draw some conclusions
about its internal power distribution.

Our overarching research question is “How can we compare different organ-
isational structures given the constraints imposed by process dependencies and
individual agent capabilities?”. To achieve this, and focusing precisely on power,
we apply the following methods:

– We introduce a formalisation of multi-agent computation based on process
models (with Petri nets).

– We propose measures of power starting by considering it in terms of atomic
actions and building towards topological and game-theoretic interpretations.

– We apply the proposed measures to a number of illustrative cases, from
canonical edge-cases to more complex systems and open source a reproduc-
tion package for our experiments1.

The paper concludes with a discussion on the applicability and relevance of
the proposed analytical framework with respect to multi-agent systems.

2 Theoretical Framework

In this section, we introduce the notational framework that we use to define
multi-agent computation in the workflow-focused perspective tackled by this
study. First, we recall the definition of Petri nets and their relation to pro-
cess modelling. Second, we provide a definition of atomic power based on such
modelling notation. Third, we introduce two candidate measures for capturing
topological features of power within workflows. Finally, we reduce the problem
of cooperative games to that of workflow execution and present a formalisation
of the game-theoretic measures we selected.

2.1 Process Models

To take into account the distributed nature of the workflow, we model causal
dependencies in the world as Petri nets. Petri nets are a visual formal notation
expressed as a bipartite graph, consisting of places and transitions. The transi-
tion mechanism in a Petri net can be seen the simplest possible model of physical
causation: when a transition fires, it consumes resources (also called tokens) lo-
cated in its input places, and produces resources (tokens) in its output places.
This execution semantics favours modularity, as it does not require global state
to describe the behaviour of sub-components of the system. Petri nets are par-
ticularly used in fields as electronics, biology, and business process modelling.
1 Available at https://github.com/uva-cci/coine-aamas-2026
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They have shown to be particularly effective for proving that processes have
desirable soundness properties [1, 2]. For these reasons, we use Petri nets as a
foundational design instrument in our notational framework, defined as follows.

Definition 1 (Petri net). A Petri net N = (P, T, F,W ) is a tuple with P a
finite set of places p ∈ P ; T a finite set of transitions t ∈ T ; F ⊆ (P×T )∪(T×P )
a flow relation consisting of input arcs (p, t) ∈ F and output arcs (t, p) ∈ F ;
W : F → N is a weight function which associates weights to arcs.

Given a transition t, we refer to p as an input to t if (p, t) ∈ F and as an
output to t if (t, p) ∈ F . The execution semantics of Petri nets is informally
called token game. A function in the form M : P → N0 is called a marking,
and it assigns a number of tokens to each place. M0 is an initial marking, Mend

is a final marking. A transition t ∈ T is enabled if M(p) ≥ W (p, t) for all
inputs p to t. Firing a transition t in M produces a new marking M ′ such that
M ′(p) = M(p) − W (p, t) + W (t, p), for all p input or output to t, denoted as
M

t−→ M ′. The set of all possible markings for a Petri net N is MN . A firing
sequence is a sequence of transitions t1t2 . . . tn such that

M0
t1−→ M1

t2−→ . . .
tn−→ MN

In this study, we specifically focus on workflows with a well-defined end mark-
ing Mend. Finally, to support the representation of non-deterministic workflow
execution, in this work we also refer to stochastic Petri nets.

Definition 2 (Stochastic Petri net). A stochastic Petri net is a tuple N =
(P, T, F,W, λ) where (P, T, F,W ) is a Petri net and λ : T → [0, 1] assigns to each
transition t ∈ T a firing rate λ(t) (the probability of transition).

2.2 Atomic Power

Atomically, power can be seen as the certainty of obtaining an outcome O if an
action A is performed (sufficiency), in the context in which there is a possibility
to perform A (usability), and that O is not obtained yet (opportunity), and is
not obtained if A is not performed (counter-factuality) (see e.g., [4, 15]). If O is
not a binary outcome, we could also measure its extent (strength).

Given a set of agents A = {a1, ..., an} participating in a process model
N = (P, T, F,W ), we can assign transitions to agents by defining an agent
mapping mA : T → 2A such that mA(t) is the set of agents capable of firing t.
When adding agents to the model, transitions can be thought as associated to
(atomic) action-types. When a transition fires, the corresponding action is per-
formed by one of the assigned agents. This interpretation is fit to characterise
all of the aforementioned dimensions of atomic power. Specifically, if we observe
the simplest instance of an action-based mechanism (i.e., an enabled transition
t with a single input pin and a single output pout), it satisfies all definitions:

– sufficiency: when t fires, a token is produced in pout.
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Fig. 1: The reification of λ-firing probabilities in a fully reactive Petri net.

– usability: t is enabled by the token in pin (i.e., an agent can perform it).
– opportunity: if we describe the outcome as new resources, the transition

effectively produces new tokens, which accumulate to pre-existing ones;2

– counter-factuality: if there is no other enabled t′ such that (t′, pout) ∈ F ,
it is impossible to obtain the outcome if not by firing t;

– strength: W (t, pout) can be used as a measure of strength of the action (the
number of resources produced with one firing).

Finally, to further tailor our notation to real-world cases, we can introduce
the concept of failure or reliability of an action, so that sufficiency may be defined
with a certain degree, relying on the concept of firing rate λ. We can then further
distinguish an external failure (no agent commits to the action, or intent failure)
and an internal failure (an agent commits to the action, but it does not produce
the expected outcome, or action failure). A reactive Petri net can be seen as a
Petri net in which intent failure never occurs (transitions are fired as soon as
they are enabled). We consider here reactive Petri nets, meaning that the agents
are committed to the agentic design, exploiting all opportunities of actions once
they appear.

Reifying reliability topologically Any transition with probability of action fail-
ure λ can be decomposed in λ/gcd(λ,1−λ) “success” transitions and 1−λ/gcd(λ,1−λ)

failure transitions (see Fig. 1). For instance, if a transition has a probability to

2 This does not strictly hold in the case of Condition/Event nets, i.e., Petri nets whose
places are bounded to maximum one token. In this case, if a condition consequent of
an event already holds, firing the event would be irrelevant, and would be functionally
equivalent as not firing. In many formal definitions of C/E the transition is deemed
as disabled in this configuration.
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fail λ = 2/3, this can be reproduced with three transitions in mutually exclusive
branching, one associated with success, and two with failure.

2.3 Power in Workflows

We define the usability of an action as the degree of its enablement in a certain
environment. In the context of graph-based process models, we can leverage the
network properties to assess how much a power (i.e., the actions associated to
it) participate in the process execution flow. We propose therefore to observe the
occurrences of a certain action in the firing sequences of the reachability graph,
and derive a static measure of how “usable” a certain power is in relation to the
overall process. We formally define an index to describe this measure:

Definition 3 (Usability Index). Let S be the set of firing sequences σ reach-
able from initial marking M0, such that no marking is visited more than once.
Let mA : T → 2A be the agent mapping. The Usability Index U(a) for an agent
a ∈ A is defined as the average number of transitions in which an agent can per-
form any action within a sequence, normalised by the number of other capable
agents, across all sequences:

U(a) =
1

|S|
∑
σ∈S

|σ|∑
i=1

u(a, σ, i) (1)

where u(a, σ, i) at position i is:

u(a, σ, i) =

{
1

|mA(σi)| if a ∈ mA(σi)

0 otherwise
(2)

To further explore the properties of the reachability graph, we consider an-
other measure, grounded in network analysis. Specifically, we aim to capture
downstream dependence and non-redundancy of certain actions by measuring
their centrality in enabling firing sequences that would otherwise be unreachable.
This perspective is methodologically aligned with the study of social networks in
organisational theory (see e.g., structural holes in [5]). To support the definition
of our measure, we first recall the one of node dominator [10]:

Definition 4 (Node Dominator). Let G = (V,E, r) be a flowgraph with start
vertex r. A vertex v dominates another vertex w ̸= v in G if every path from r to
w contains v. Vertex v is the immediate dominator of w, denoted v = idom(w),
if v dominates w and every other dominator of w dominates v.

Definition 5 (Gatekeeper Index). Let S be the set of firing sequences σ
reachable from initial marking M0, such that no marking is visited more than
once. Let mA : T → 2A be the agent mapping. The Gatekeeper Index G(a)
for an agent a ∈ A is defined as the average number of immediately dominated
transitions when an agent can perform an action within a sequence, normalised
by the number of other capable agents and total transitions, across all sequences:
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G(a) =
1

|S|
∑
σ∈S

|σ|∑
i=1

g(a, σ, i) (3)

where u(a, σ, i) at position i is:

g(a, σ, i) =

{
|{t∈T |σi=idom(t)}|

|T |·|mA(σi)| if a ∈ mA(σi)

0 otherwise
(4)

2.4 Power in Cooperative Games

In game theory, cooperative games allow players to form alliances (or coalitions)
to reach a common goal. This is optionally regulated by some normative frame-
work defining the allowed cooperative behaviour. In the context of computational
social choice, the study of simple voting games has contributed to a better un-
derstanding of governance mechanisms.

Definition 6 (Simple Voting Game). A simple voting game is a pair (N, v)
where N = {1, . . . , n} is a finite set of players and v : 2N → {0, 1} is a char-
acteristic function such that v(∅) = 0, v(N) = 1, and v is monotonic (for all
S ⊆ T ⊆ N , v(S) ≤ v(T )). A coalition S ⊆ N is called winning if v(S) = 1 and
losing otherwise.

We relate the concept of voting to workflow execution by reducing the prob-
lem of determining a winning coalition to that of finding execution paths reaching
a desirable absorbing goal state Mend. We call a firing sequence σ successful if
M0

σ−→ Mend. We say that a coalition S ⊆ A is winning if there exists at least
one successful sequence σ such that for every t ∈ σ, mA(t) ∩ S ̸= ∅. In the
stochastic case, to account for the transition firing rates, we introduce a variant
vP : 2A → [0, 1] of the binary characteristic function and define it as following:

vP(S) =
∑

σ:M0
σ−→Mend

|σ|∏
i=1

p(σi | S)

where p(σi | S) is the probability of firing transition σi given the λ rates deter-
mined by the coalition S.

In these settings, we use the Shapley-Shubik index [14] to assess how pivotal
an individual agent is within a coalition to the realisation of a certain outcome.
As all coalitions are equally likely to form, this index represents a form of a-priori
structural measurement of power (of combinatorial nature).

Definition 7 (Shapley–Shubik Power Index). Let (N, v) be a simple voting
game with |N | = n. The Shapley–Shubik power index of player i ∈ N is defined
as:

ϕi(v) =
∑

S⊆N\{i}

|S|!(n− |S| − 1)!

n!

(
v(S ∪ {i})− v(S)

)
.
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t0 t1 t2 ■●

Fig. 2: A sequential workflow.

This index represents the probability that player i is pivotal under a uniformly
random permutation of N .

As an alternative, we also measure the Banzhaf index [3], that better accounts
for equal representation [17].

Definition 8 (Banzhaf Power Index). Let (N, v) be a simple voting game
with |N | = n. A player i ∈ N is said to be critical (or a swing player) in a
coalition S ⊆ N \ {i} if v(S) = 0 and v(S ∪ {i}) = 1. The Banzhaf index of
player i is

βi(v) =
∑

S⊆N\{i}

(
v(S ∪ {i})− v(S)

)
,

This index counts the number of coalitions in which i is critical.

3 Experimental Settings

In this section, we present the experimental test cases that we use to evaluate
the proposed measures. First, we present some simple abstract and determin-
istic canonical processes that introduce topological edge-cases of process mod-
els. Then, we introduce a process scenario inspired by table football, with agent
mappings mirroring player formations and stochastic transitions for passes/shots
depending on their field positions. Although simplistic, this scenario has suffi-
cient complexity to model the role specialization occurring in social systems
for achieving common goals (in the case of a single team), as well as resource
competition mechanisms (in the case of two teams), possibly requiring policy co-
ordination. With two teams, the agentic design captures both competition and
cooperation mechanisms.

3.1 Canonical Processes

We first evaluate our measures against basic workflow cases. Fig. 2 presents a
simple sequential workflow, while Fig. 3 shows a prototypical parallel process,
expressed by a fork-join “diamond” structure. Tables 1 and 2 contain the full
codomain definitions for the mapping mA : T → 2A for the different scenarios
over these process models with a fixed agent set A = {a1, a2, a3}.
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fork

branch-a

branch-b

join ■●

Fig. 3: A parallel workflow with fork-join branching.

mA
T

t0 t1 t2

Even {a1, a2, a3} {a1, a2, a3} {a1, a2, a3}
Bottleneck {a1, a2, a3} {a1, a2, a3} {a1}
Funnel {a1, a2, a3} {a1, a2} {a1}

Table 1: Distribution of transitions over agents in the sequential scenarios.

mA
T

tfork ta tb tjoin

Even {a1, a2, a3} {a1, a2, a3} {a1, a2, a3} {a1, a2, a3}
Skewed {a1, a2, a3} {a1, a2} {a3} {a1, a2, a3}

Table 2: Distribution of transitions over agents in the fork-join scenarios.

3.2 Table Football

We now introduce a simplified process model for the attack sequences in the
game of table football, initially modelled without an opposing team (see Fig. 4).

The field is divided into a set of zones Z = {D,M,A} (i.e., defence, midfield,
and attack), with each zone Zi being further divided into Ci cells each. A team
is composed of defenders AD, midfielders AM , and attackers AA so that A =
AD ∪ AM ∪ AA. Each player occupies exactly one cell, can only pass the ball
forward in the next zone, and only attackers can score, reaching the state Mend.
The ball starts with a defender (this represents the initial marking M0). The
probability of a successful pass from zone i to zone i + 1 is defined as |Ai+1|

Ci
.

We do not allow the ball to pass beyond the next zone. The probability of an
attacker scoring is γ

CA
, where γ represents the width of the goal in cells. If a pass

fails, the game stops and restarts. It should be noted, that, in our calculations,
we collapse the cells into single “zone” places, reverting the process of firing rate
reification presented in Fig. 1 based on these probabilities.

When a second team is introduced (see Fig. 5), their players also occupy the
Ci cells for a given zone Zi. This creates the possibility of a pass being inter-
cepted by an opponent, which reverses the flow of the game. In these settings,
the opponent team players have a negative impact on the cumulative probability
of reaching the goal state. Moreover, the two teams can deploy different forma-
tions (e.g., 4-4-2 vs 3-5-2), which enables the analysis of how different agentic
mappings relate to each other in a competitive setting.
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Defense
●

fail_def
λ=0.50

pass_def_mid
λ=0.50

Goal

Attack

fail_att
λ=0.70

shoot
λ=0.30

Midfield

fail_mid
λ=0.70

pass_mid_att
λ=0.30

Fig. 4: Petri net process model of a single team table football attack sequence
using a 2-5-3 formation. The workflow starts with the ball in the team’s defence
area and is passed from player to player in order to reach the opponents goal.

Goal
A

Defense
A
●

Attack
B

0.38

Midfield
A

0.62

0.60

0.40

Midfield
B

0.50

Attack
A

0.50

0.38

0.62

Defense
B

0.57

Goal
B

0.43

0.50

0.50

Fig. 5: Visualisation of the stochastic reachability graph (in this case, a discrete-
time Markov chain, due to the single-token nature of the process) in the compet-
itive table football scenario, with team A (circles) using a 2-5-3 formation and
team B (diamonds) a 4-3-3 formation. The transition probabilities are expressed
on the edges that connect each zone state, and failure (i.e., interception) corre-
sponds to transitions going towards the opponent team.

4 Results

4.1 Canonical Processes

In Fig. 6 we present the power indices for each agent in the different configu-
rations on the canonical processes (sequence, fork-join). In the sequential case,
we can observe how the Usability index correctly detects the centralisation of
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Fig. 6: Heat map of power indices calculated on the canonical processes.

power towards the end of the workflow sequence. On the contrary, the Gate-
keeper index is particularly insensitive to downstream bottlenecks. Finally, both
voting power indices behave identically with respect to each other and, while
they clearly capture the bottleneck issue (i.e., single pivotal agent), lack nuance
in differentiating between progressive and sudden power shifts in the sequence.

In the fork-join case, the Usability index correctly identifies that the power
distribution is less fair (thanks to per-transition normalisation over the agent
mapping mA). The Gatekeeper index only considers the ability to fork, and fails
to detect the different agent allocation between the two branches. In the voting
indices, the power gap is even more apparent. Here, Shapley-Shubik shows higher
sensitivity but is closely followed by Banzhaf.

4.2 Table Football

For the single team football scenario, we measure power over canonical football
formations 2-5-3, 4-4-2, 3-5-2, 4-3-3 and some illegal “flat” formations 1-1-1
and 4-4-4. The indices values per agent are presented in Fig. 7. Additionally,
because power scores can be interpreted as a distribution of influence in the
agent pool, in Fig. 9 we show the Lorentz curves derived from the Gini index [7]
which characterises concentration of power in terms of distribution inequality.

As expected, static path-based measures are particularly sensitive to player
positioning in the field. Specifically, defenders tend to be more powerful as the
attack sequence always starts from their zone and represent a strict dependency.
This observation is reinforced by the Gatekeeper index values that are correctly
detecting the sequential dependency. However, the Gatekeeper index appears to
provide a very stiff interpretation of power. As precedence is key to partake in
the power distribution, attackers get a null contribution (their scores are always
0.0 in Fig. 7, and this can also be observed in Fig. 9a sudden curve step). On the
other hand, voting inspired indices are capable of identifying pivotal agents (in
this case, attackers) acting as a bottleneck with respect to the goal state Mend.
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Fig. 7: Heat map of the power indices calculated on different formations for the
single team football scenario.
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Fig. 8: Heat map visualization of the power indices calculated on different
matches of the competitive football scenario.
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Fig. 9: Lorenz curves for the Gini index of the power share in the football sce-
nario. On the x axis we show the cumulative proportion of agents (i.e., role
representatives like DAi), sorted from least powerful to most powerful. On the
y axis the cumulative proportion of total power held by those agents.

In the competitive setting, path-based measures are still prioritising defenders
as these indices do not account for variations in the firing probabilities. Game-
theoretic measures also mostly keep power on attackers like in the single team
case. However, interestingly, we can observe a power shift towards midfield as
the opponent team adopts a more or equally defensive formation (see e.g., the
4-3-3 vs 3-5-2 match in Fig. 8). This clearly highlights the diminished impact
attackers can have against a strong defence, suggesting there is a capability of
these indices to capture adversarial environmental conditions if correctly encoded
in the process. Interestingly, deploying identical formations leads to a much
more evidently fair distribution of power in the Gatekeeper index than in other
proposed measures (as observed in the gap between the orange line and the
others in Fig. 9b).

4.3 Performance

All the proposed measures rely on intensive pre-computation due either to the
enumeration of firing sequences or the highly combinatorial nature of the index
calculation. Because of this, we conduct a performance analysis over an increas-
ingly large amount of agents in the most complex process model we presented
(the competitive football scenario). Specifically, we record 10 executions per in-
dex per agent mapping as we artificially increase the number of players in both
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teams by 2 at each iteration (from 6 to 20 total agents). We precede the compu-
tation with 2 warm-up runs to prevent operating system level interference with
the final results. We run our experiments on a MacBook Pro M4 machine.
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Fig. 10: Comparative benchmark results showing scaling trends and distribution
of performance (in seconds of total execution time) in the power indices calcu-
lations over an increasing number of agents in the competitive football scenario.
The results are based on 10 recorded executions per index per configuration pre-
ceded by 2 warm-up runs on a MacBook Pro M4 machine.

In Fig. 10a, we showcase the exponential growth in total computation time of
the voting indices, bound by the size of the power set of players 2|A| to generate
the coalitions. On the other hand, topological measures present either low-rate
or absence of linear growth.

5 Discussion

These results highlight how even a purely operational perspective on power en-
tails that several quantitive indicators are possible and provide each different
perspectives on the matter of study. The combination of topological and game-
theoretic measures we applied outline distinct relevant properties of given con-
figurations of organisational workflow structures. Topological measures appear
to be particularly apt to outline power as “enablement”, in terms of precedent
conditioning, but fail to describe fair distributions over linear processes. On the
other hand, game-theoretic measures highlight the correlation between opera-
tional bottlenecks and power, by prioritising goal attainment over cooperation
support.

Yet, we are aware that the considered models have simplified the complex-
ity of real-world dynamic environments, where individual agents might be mis-
aligned with respect to organisational objectives, and further societal processes
may be at stake. As an extension of the present work, we plan to apply these
measures on frameworks as the CKSW meta-role model [12] or similar. In the
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CKSW, society is stratified into four functional classes (commander class, knowl-
edge class, skilled class, and worker class) that define the flow of authority, in-
formation, and labour. We expect that different distributions of agents across
classes, and distinct causal mechanisms (e.g. related to production and consump-
tion of resources) may produce effect on measures of power.

In computational terms, regardless of their ability to describe power distribu-
tion (and concentration), we observe how voting games inspired indices present
a strong limitation with regards to scalability. The combinatorial nature of their
calculation renders them unsuitable for real-world scenarios, where process mod-
els (and relative agentic configurations) tend to be much larger. Moreover, their
applicability falters when the final goal state is determined by the evaluation
of complex environmental side-effects instead of being encoded in the process
model itself. The issue of identifying success conditions in long-term complex
processes is particularly relevant in the training of LLMs [11, 9], which suggests
there is a need for measures to adapt to non-verifiable rewards (or partially so)
even at the organisational level.

We can conclude that the structural analysis of process models can serve
as an informational instrument to aid the design of organisational processes.
However, a purely topological perspective might not be sufficiently expressive
to describe uneven allocations of agents especially when adversarial conditions
are also encoded in the model. Additional studies are needed to understand
whether (or to which extent) more efficient measures as usability or gatekeeper
are representative for human judgment in these situations.

Finally, the reduction of institutional power to operational power we observed
in the introduction is a rather common simplification occurring both in institu-
tional studies (e.g., no power is mentioned in the Grammar of Institutions [6]),
as well as in computational regulation instruments as access or usage control
(permission to perform an operation maps to having the power to perform that
operation in the system, see e.g., [16]). Yet, it is a simplification, and as such,
it fails to separate material from institutional aspects. Fortunately, interpret-
ing institutional power as symbolic causation (i.e., power that creates symbolic
artefacts playing an interactional role with the other agents), Petri-net model
can be used as a lingua franca to study them too, including in combination with
enforcement mechanisms.

6 Conclusion

In this paper, we proposed a formalisation for multi-agent-driven activities based
on Petri nets and showed how it is apt to express organisational configurations by
interpreting transitions as agentic abilities. In addition, we have shown that our
formalisation supports the definition of measures of agentic power. Specifically,
we suggested four such measure: two topological measures based on workflow
structural properties and two game-theoretic measures obtained by reducing sim-
ple voting games to workflow execution. We observed that topological measures
serve as informative tools to identify unfair distributions of power but that they
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are sensitive to local workflow dependencies. On the other hand, game-theoretic
measures can successfully identify pivotal agents (i.e., workflow bottlenecks) but
are strongly limited in terms of scalability due to their combinatorial nature.

We have further demonstrated that the proposed formalisation can capture
both cooperative and competitive aspects of an agentic design by means of the
cumulative probabilities of reaching goal states in the workflow.

In future studies we aim to experiment with the application of the proposed
measures onto realistic organisational structures and social systems. Underlying
these experiments is the central hypothesis that complex social dependencies,
conflicts, and environmental conditions may affect the distribution and value of
resources and hence, the distribution of power.
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